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Abstract
The relationship between social media use (SMU) and subjective wellbeing (SWB) in young adults remains intensely debated, with findings ranging from negative to positive effects. This cross-sectional survey (N = 624, ages 18–25) investigated whether social comparison orientation (SCO) moderates the association between passive SMU and SWB measured via the Satisfaction with Life Scale and affect balance. Moderated hierarchical multiple regression revealed that passive SMU is negatively associated with SWB (beta = -0.24, p < 0.001), and that SCO significantly moderates this relationship: the negative effect is substantially stronger among high-SCO individuals (beta = -0.41 vs beta = -0.11 for low-SCO; interaction beta = -0.19, p < 0.01). Active SMU demonstrated no significant main effect. The findings support the displacement-and-comparison model and identify SCO as a key individual risk factor for digital wellbeing interventions.

Аннотация
Концептуальная метафора формирует общественное представление новых технологий, проецируя сложные явления в привычных концептуальных областях. В рамках данного корпусного исследования были изучены методические метафорические рамки в технологической журналистике, посвященной сфере II (период 2018–2024 гг.). Анализ проводится на материале излучения 6,2 млн токенов, собранного из изданий Wired, MIT Technology Review и TechCrunch, с использованием инструмента AntConc 4.2 и протокола на основе методики MIPVU. Было выделено четыре организованих кластера: ОРГАНИЗМ (рост, обучение, понимание), ЛИЧНОСТЬ (мышление, принятие решений, творчество), ИНСТРУМЕНТ (автоматизация, эффективность) и УГРОЗА (риск, опасность, контроль). Частотность фреймов «ЛИЧНОСТЬ» и «ОРГАНИЗМ» возросла после 2022 года, что совпало с появлением систем генеративного ИИ (хи-квадрат = 47,3; p < 0,001). Полученные результаты проливают свет на идеологические аспекты курса ИИ и имеют практическое значение для развития медиаграмотности и научной коммуникации.
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Introduction
Social media platforms have become an integral part of daily life for young adults worldwide: students spend an average of 3 to 5 hours per day on them [1, p. 34]. This pervasiveness has generated extensive research on the psychological consequences of social media use (SMU); however, findings remain equivocal, with negative, neutral, and positive associations reported depending on the operationalisation of both SMU and SWB [2, p. 111]. A growing theoretical consensus foregrounds the active-passive SMU dichotomy: passive scrolling and consumption of curated content can trigger upward social comparisons and envy, whereas active communication and self-expression may strengthen social bonds [3, p. 67]. Social comparison orientation (SCO) — a stable individual tendency to evaluate oneself by comparison with others — is theoretically proposed as an important moderator of social media psychological effects [4, p. 89]; however, it is rarely incorporated into studies that simultaneously distinguish passive and active SMU in Russian student samples. The present study tests a moderation model in which SCO moderates the association between passive SMU and SWB.

Materials and methods
A cross-sectional online survey was conducted among full-time students at three Russian universities (Moscow, St Petersburg, and Kazan) in October–December 2025. Recruitment was via university notice boards and social media group announcements; questionnaire completion constituted informed consent. The final analytic sample comprised 624 students (67.1% women; mean age 20.4 years, SD = 1.9; 88.3% undergraduates). SMU was measured by a validated passive-active use scale [5, p. 44]: passive SMU (5 items; alpha = 0.82) and active SMU (5 items; alpha = 0.79). SCO was measured by the 11-item Iowa-Netherlands Comparison Orientation Measure (INCOM; alpha = 0.86) [6, p. 78]. SWB was operationalised as the mean of two components: Satisfaction with Life Scale (SWLS, 5 items; alpha = 0.88) and affect balance (PANAS; alpha = 0.83/0.81) [7, p. 1063]. Hierarchical multiple regression was conducted in three blocks: (1) demographic covariates; (2) passive and active SMU; (3) SCO and the passive SMU x SCO product term (centred values). All analyses used IBM SPSS Statistics 27.0 [8, p. 33].

Results and discussion
Passive SMU was significantly and negatively associated with SWB in Block 2 (beta = -0.24, SE = 0.04, p < 0.001); active SMU showed no significant main effect (beta = 0.06, p = 0.14). In Block 3, SCO independently and negatively associated with SWB (beta = -0.31, p < 0.001), and the passive SMU x SCO interaction was significant (beta = -0.19, p < 0.01), confirming moderation. Simple slopes analysis showed the negative effect of passive SMU on SWB is substantially stronger for high-SCO students (beta = -0.41, p < 0.001) compared with low-SCO students (beta = -0.11, p < 0.05). The model explained 34.7% of SWB variance (R2 = 0.347). These data extend the findings of Verduyn et al. [3, p. 71] by demonstrating that individual differences in comparison tendency are a significant boundary condition of this effect in a Russian student sample. Figure 1 illustrates simple slopes of passive SMU on SWB at high and low SCO; Table 1 presents the hierarchical regression results.

[image: ]
Figure 1. Simple slopes of passive social media use on subjective wellbeing at high and low levels of social comparison orientation.
[Interaction plot: x-axis — passive SMU score (low to high); y-axis — SWB score. Two lines: High SCO (steep negative slope, beta = -0.41) and Low SCO (shallow negative slope, beta = -0.11). Confidence bands around each line. Legend identifies groups.]

Table 1. Hierarchical multiple regression predicting subjective wellbeing (N = 624).

	Predictor
	Block 2 (beta)
	Block 3 (beta)

	Passive SMU
	-0.24***
	-0.21***

	Active SMU
	0.06 (ns)
	0.05 (ns)

	SCO
	—
	-0.31***

	Passive SMU x SCO
	—
	-0.19**



Conclusion
Passive social media use is associated with reduced subjective wellbeing among Russian university students, and this association is substantially amplified among individuals with high social comparison orientation. Active SMU showed no significant effect in either direction. The findings have practical implications for digital wellbeing programmes: screening for high SCO may help identify students most vulnerable to negative social media consequences, while targeted recommendations to shift from passive to active use may serve as a preventive strategy. Study limitations include the cross-sectional design and self-report SMU operationalisation. Longitudinal experimental studies are needed to establish causality.
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